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MATHER SPECIALIZES IN APPLIED ANALYTICS
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RETURN ON REVENUE CLIENTS IN YEARS EXPERIENCE &
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CONCEPTS WE WANT TO SHARE TODAY

=

PRICING OPTIMIZATION & CHURN PROPENSITY RETENTION CAMPAIGN
PRICE ELASTICITY MODELING TACTICS
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DEMAND CURVE

Observed Prices and Quantities — vs. Demand Curve
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RENEWAL PRICE ELASTICITY

Elasticity = % (change in quantity) / % (change in price)

* Assume 5,000 active subscribers
* Assume a 15% change in price
* Assume 250 subscribers stopped
* 250/ 5,000: 5% stops

* 5% / 15% = -0.33 elasticity
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RETENTION EXAMPLE

Regular Retention = —Retention with Price Increase
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Point A: o 80%
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RENEWAL PRICE ELASTICITY DISTRIBUTION

mm Subscribers ——Cumulative %
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ELASTICITY DRIVEN PRICE INCREASE

MBP applies a higher price
increase on customers with lower
price elasticity.
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i Subscribers  —Flat Increase  ——Variable Increase
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*Average variable price increase is still 15%

Percent price Increase



PRICE ELASTICITY/ TENURE

Price elasticity differs greatly by tenure level.

Price Sensitivity by Tenure Level

TENTURE PRICE PRICE 20000 000
YEAR STOPS ELASTICTIY
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. 0.200
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. . = 0.100
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Similar findings are true with Digital Engagement,

Income levels and Age groups.
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MBP — APPLICATION OPTIONS

Increasing pricing intelligence and
flexibility increases yield. Individual pricing ?

Analytics can identify customers
with high or low sensitivity to price

More accurate targeting improves

Segment pricing

Data for analysis:

performance and efficiency

Segment

characteristics
Product pricing Group behavior
Geographic data

+ Product data

Tradeoffs between complexity and
yield can be measured

Yield from price increases

Data for analysis:
Product history
Market data
Macroeconomic
Marginal costs

E Price differentiation




VALUE PROPOGSITION

The return on a targeted 10% price increase vs. an across-the-board 10% price
increase to 100,000 subscribers:

SUBSCRIBERS
Subscriber: 100,000
Monthly price: $50
Monthly rev: $5 million
Annual rev: $60 million
Average increase: 10%
Gross incr. rev/Mo:  $500,000
Gross incr. rev/Yr: $6 million

ACROSS THE
BOARD

Avg. ren. price elasticity:
Lost subs from pricing:
Lost monthly revenue:
Lost annual revenue:

Remaining subs:

Price per month:
Annual revenue:

Net yield on increase:
Yield percentage:

-0.4
-4,000
-$240K
-$2.64M

96,000
$55
$63.36M
$3.36M
56%

TARGETED
PRICING

Reduction in price stops:
Lost subs from pricing:
Lost monthly revenue:
Lost annual revenue:

Remaining subs:

Price per month:
Annual revenue:

Net yield on increase:
Yield percentage:

50%
-2,000
-$120K
-$1.32M

98,000
$55
$64.68
$4.68M
78%

REVENUE
YIELD

Targeted pricing reduces pricing-
related subscriber and revenue
loss while improving revenue yield
for this pricing action by

$120,000/month or
$1,320,000/year &
20% better yield




LONG TERM REVENUE STABILITY

Market Based Pricing helps to stabilize

customer revenue over the long term Total Market Performance Case Study
2012 - Present

120%

Declining customer volumes in disrupted 100%
services can be offset by targeted rate 80%
adjustments. 60%

40%
Revenue stabilization provides an 20%

extended runway to invest and grow 0%

new products. 20%
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ART & SCIENCE OF
CHURN MODELING

Churn modeling calculates the likelihood that an
individual will discontinue services due to a
specific event.

Once we've answered who is likely to churn, the
question then becomes what can be done about it?

Common characteristics of successful initiatives driven
by churn scores:

* Personalized to individual customers
* Measured accurately (A/B tests, metrics reporting)
* Implemented soon after churn signal observed

* Authentic and effective messaging copy and creative




SAMPLE CHURN MODEL RESULTS

A positive coefficient
indicates a contribution to
increased churn risk, while
a negative coefficient
indicates contribution to
decreased churn risk.

Restricted Unrestricted

Base Variable Variable Description Variable failure failure failure
Weekly Price wp wp -0.0235*** -0.0281%***
Increase Amount wpsp wpsp 0.000469 0.00695***
nonEZpay Ezpay _IEZpay_1 EZpay==1 -0.454*** .0.386***
Vol DM _Isource_2 source==DM 0.591***  0.502***
EVENTS _Isource_3 source==EVENTS 0.629***  0.565***
FSI _Isource_4 source==FS| 0.551***  0.465%**
0oT™M _Isource_5 source==0TM 0.472***  0.368***
OTHER _Isource_6 source==0ther 0.968***  0.817***
TV _Isource_7 source==TV 0.782***  0.706***
WEB _Isource_8 source==WEB 0.441***  0.436***
WEB_NYTD _Isource_9 source==WEB_NYTD 2.308%**  1,943%**
WEB_Other _Isource_10 source==WEB_Other 1.313%**  1,281***
WEB_PDSRCH _Isource_11 source==WEB_PDSRCH 2.024%**  1,730%**
WEB_REGIEMAIL _lsource_12 source==WEB_REGIEMAJL |2.051***  1,639***
WEB_SOCIAL _lsource_13 source==WEB_SOCIAL 2.680***  2,408%**
Failures in the trailing 28 fail_last_28_1 fail_last_28_1 -0.000621***
Starts in the trailing quarter starts_last_qg starts_last_qg 0.0000110%**
Individual avg Comps versus Zip avg |sub_zip_comp_28 2 |sub_zip_comp_28 2 0.000481***
Dig Eng. Score = 1 Dig Eng. Score =2 use_bucket==2 use_bucket==2 0.0435*  -0.264***
Dig Eng. Score =3 use_bucket==3 use_bucket==3 -0.254*** .0.316***
Dig Eng. Score =4 use_bucket== use_bucket== -0.302***  -0,382***
Dig Eng. Score =5 use_bucket==5 use_bucket==5 -0.324***  -0.408***
Dig Eng. Score = 6 use_bucket==6 use_bucket==6 -0.382%**  -0.415%**

Churn risk decreases
with increased
subscription rates

Source==WEB show the
highest churn risk,
voluntary lowest

Greater number of starts in
trailing quarter increases
churn risk

Churn risk decreases
with higher levels of
digital engagement
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VARIABLE INFLUENCE

Variable Influence

(Marginal Effects)
0
o The chart shows the
influence of individual
-0.2 .
. variables on the churn score.
[
0.4 . . Out of all variables, the 52-week
L] ] term length has the largest
0 | . contribution to decreasing churn risk,
0.6 e . and the WEB_SOCIAL start source is
o largest contribution to increasing
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CHURN SCORE TESTING & VALIDATION

Stop Rate by Predicted Churn Score

50% Actual stop rates are tracked,
4% along with predicted risk, to
40% validate the model.
35%
o 3% Stop rates often spike in the upper
%25% 10-209% of the Predicted Churn
B 2 Score. 10-20% has a higher stop

rate.
15%

10%
These pockets are often where the

5% . .
largest percentage reduction in

0% . ;
16 11 16 21 26 31 36 41 46 51 56 61 66 71 76 81 8 91 96 churn rates can be obtained with

Predicted Churn Score app lication.
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GIFT CARD CASE STUDY

Retention Impact
Gift Card

14.24% Test: $10 gift card issued upon receipt of
payment (high churn/high CLV, $10.50/wk).

6.60% .0 5.90%  6:39% Results: Short lived positive impact on

retention that disappears over several
0.94% -0.49%  -8.38% renewals.
—

5 Months 9 Months

Insight: Gifts do little to reinforce brand value
on core subscribers.

B Control Stop % M Treatment Stop % M Stop Reduction M % Stop Reduction
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GREETING CARD CASE STUDY

Retention Impact
(Greeting Card)

Test: Greeting card sent at time of
expiration (high churn/high CLV -
$10.50/wk)

21.27%

13.73%

Results: Short and long term positive
retention impact

6.60%

5.20% 390% 5000,
Insight: Messages that reinforce brand
value have positive effects on core subs . 1.40% . - 0.81%
I —
5 Months 9 Months

B Control Stop % M Treatment Stop % ™ Stop Reduction ™% Stop Reduction
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GREETING CARD VS VALUE LETTER

Retention Impact
(Greeting Card vs. Value Letter)

8.88% 8.53% 8.88% 8.78%

8.10%
I ) I
0.78%
0.35%
= ]

Greeting Card Value Letter

Test: Greeting card or value letter sent at
expire (high churn/mid CLV - $3.75/wk)

Results: Both messages had positive
retention impacts, value letter outperforms

Insight: Highlighting importance of
journalism reinforces value to subscriber

B Control Stop % M Treatment Stop % M Stop Reduction M % Stop Reduction
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INCENTIVE SUMMARY

Aggregated Retention Impact by Incentive

13.551%

Results: Value letter and greeting cards
showed the largest positive retention impact.
Merchandise and gift cards did not improve

retention 8.077%
Insight: High Cost Incentives are not
necessarily the most effective
0.336%
—0 10.05% -0.829%
Value Letter Greeting Card Email Merchandise m
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IMPACT BY CHURN GROUP

Aggregated Retention Impact by Churn Group

24.4%

18.24% Results: Retention improvements
positively correlated with churn risk

9.62% Insight: Highest ROIs observed on subs
8.0% ol L . .
6.77% with highest estimated churn risk
5.03%
- - - .
- e
7 8 9 10
Churn Group
B Stop Reduction B Stop Rate
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ENGAGEMENT AFFECTS RETENTION

100%

90%

80%

70%

Retention

60%

50%

7

9

11 13 15
Retention Weeks
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e Direct
Metered

e Restricted

Sales channels attract customers with different levels
of engagement:

* Direct sales to customers that go to the
subscription page directly are most engaged

* Metered customers have next highest
engagement

* Premium/restricted content sales have the lowest
engagement

Retention of these customers reflects their
engagement levels at time of the subscription
purchase.

Challenge — increase engagement following the sale,
particularly those from premium content.

mather: R — .
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By Matt Lindsay, President

Learn how to make data work for
you, grow valuable relationships,
and empathize with your
customers.

The book is available in English, Dutch,
and German and offered on
Amazon.com

GLOBAL
AWARDS

2013

1*'PLACE

Excellence in Predictive Analytics
Make Your Paywall an Intelligent Paywall™

May 2019 | San Francisco

EUROPE. MIDDLE EAST & AFRICA
[ s

AWARD of EXCELLENCE

Data Strategy
Sales Intelligence Platform

November 2018 | London

BIGGIES CLOBAI

AWARD of EXCELLENCE
Creativity in a Data-Driven Project
Adpvertising Rate Calculator Dashboard

May 2018 | New York City



https://www.amazon.com/How-Succeed-Relationship-Economy-Relationships/dp/1599326493

Follow up

questions? M at h er.

Reach out to Matt at

matt@mathereconomics.com USA EUROPE
1215 Hightower Trail Basisweg 30
Building A, Suite 100 1043 AP
Atlanta, GA 30350 Amsterdam, Netherlands

770.993.4111

mathereconomics.com



